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LSEG Macro Predictions Powered By XTech™ 

Overview 
 
LSEG Macro Predictions™ provides one-period-ahead forecasts of key global macroeconomic indicators, 
expressed in month-over-month (MoM) percentage change, delivering insights ahead of official releases. 
Using advanced statistical modeling and machine learning, LSEG Macro Prediction™ processes vast 
amounts of public and proprietary data to build a novel bottom-up model for each macro-economic metric.  
The Macro Predictions for the forthcoming month or quarter are disseminated shortly after the official 
release from the prior month or quarter and typically well before the broker consensus estimates are 
distributed, with successive updates of increasing accuracy up to the official publication time of the 
product.  These predictions offer market participants a novel orthogonal alternative to traditional broker 
consensus estimates, which until now have been the sole source of Macro figure estimates.  LSEG Macro 
Predictions enable investors to re-position ahead of macroeconomic releases, to arbitrage incorrect 
consensus views and to exploit transitory over/under reactions when official releases differ from market 
expectations.  From front-office active risk takers to middle-office risk management functions, LSEG Macro 
Predictions are an indispensable independent source of macroeconomic market intelligence. 
 

Dataset: LSEG Macro Prediction™  

Version: Indigo Panther 

Coverage: US Consumer Price Index (CPI), US Retail Sales, Conference Board Consumer Confidence Index, 

Michigan Consumer Sentiment Index. 

Delivery Frequency: Up To Daily 

Delivery Time: 3 am UTC 

Delivery Method: Unifier API  

Data Frequency: Varies Depending Prediction Target Variable 

Data Description: Contains the predictions for each macro release, as well as historical as-reported figures for 

comparison.  Additional metrics quantify trailing accuracy and error metrics for various historical lookback periods. 

Data Size: <1MB/day 
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TABLE OF LSEG TOPLINE PRODUCTS AND MACRO PREDICTIONS 

Forecast 

Target 
Forecast Date 

Delivery 

Time 
Description 

History Start Date 

CPI First 

Forecast 

3rd Monday of Current 

Month (more than 3 

weeks ahead of official 

CPI release) 

10 pm UTC 

on T+0  

CPI measures the change 

in prices paid by 

consumers for a basket of 

goods and services over 

time. Includes forecasts 

for individual CPI 

components (i.e. gas) as 

well as the headline 

number. 

November 2017 

CPI Second 

Forecast 

3rd Trading Day of 

Following Month 

10 pm UTC 

on T+0 

Same CPI forecast but 

incorporates additional 

data 

November 2017 

 

CPI Third 

Forecast 

2 Trading Days before 

CPI Release 

10 pm UTC 

on T+0 

Same CPI forecast but 

incorporates additional 

data 

November 2017 

 

US Retail 

Sales 

3rd Monday of Current 

Month 

10 pm UTC 

on T+0 

Measures the total sales of 

goods by retail businesses 

in the U.S. 

January 2020 

Conference 

Board 

Consumer 

Confidence 

Index 

3rd Monday of Current 

Month 

10 pm UTC 

on T+0 

Assesses consumer 

sentiment about current 

and future economic 

conditions based on 

survey responses. 

January 2022 

Michigan 

Consumer 

Sentiment 

Index 

3rd Monday of Current 

Month 

10 pm UTC 

on T+0 

Measures consumer 

confidence in economic 

conditions based on 

household survey data. 

January 2024 
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TABLE OF LSEG SEGMENT PRODUCTS AND MACRO PREDICTIONS 

Forecast Target Forecast Date Delivery Time Description 
History 

Start Date 

CPI Gasoline 

Forecast 

Same as the forecast dates of 

the 1st, 2nd, and 3rd Headline 

CPI Forecasts 

10 pm UTC on 

T+0  

Forecast for the 

Gasoline 

category in CPI. 

November 

2017 

 

CPI 

Transportation 

Services 

Forecast 

Same as the forecast dates of 

the 1st, 2nd, and 3rd Headline 

CPI Forecasts 

 

10 pm UTC on 

T+0 

Forecast for the 

Transportation 

Services category 

in CPI. 

 

November 

2017 

 

CPI 

Commodities 

Forecast 
 

Same as the forecast dates of 

the 1st, 2nd, and 3rd Headline 

CPI Forecasts 

 

10 pm UTC on 

T+0 

Forecast for the 

Commodities 

less food and 

energy 

commodities 

category in CPI. 

 

November 

2017 

 

CPI Food 

Forecast 

Same as the forecast dates of 

the 1st, 2nd, and 3rd Headline 

CPI Forecasts 

 

10 pm UTC on 

T+0 

Forecast for the 

Food category in 

CPI. 

 

November 

2017 

 

CPI Shelter 

Forecast 

Same as the forecast dates of 

the 1st, 2nd, and 3rd Headline 

CPI Forecasts 

 

10 pm UTC on 

T+0 

Forecast for the 

Shelter category 

in CPI. 

 

November 

2017 
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DATA DICTIONARY 

Column Name Data Type Description 

asof_date string 
Datetime (YYYY-MM-DD HH:MM:SS ) at which the prediction was 

computed in UTC timezone. 

date string Date-only (YYYY-MM-DD) format of the asof_date timestamp above 

timestamp string 

Business period over which the prediction applies.  Think of this as 

the measurement period for the economic figure being reported (E.G. 

January CPI business period is reported in February)  

identifier string Unique identifier for each macro prediction product 

frequency string Data frequency (e.g., "m" for monthly)   

actual float Observed actual value of the target economic release variable   

predicted float Forecasted value of the target economic release variable   

difference float Difference between actual and predicted values (Actual - Predicted)   

ci_lb_95 float Lower bound of 95% confidence interval of the prediction   

ci_ub_95 float Upper bound of 95% confidence interval of the prediction  

zscore_diff float Z-score of difference (residuals) of the prediction   

zscore_pred float Z-score of predictions of the prediction   

mae_cum float Cumulative mean absolute error of the prediction   

rmse_cum float Cumulative root mean squared error of the prediction   

smape_cum float 
Cumulative symmetric mean absolute percentage error of the 

prediction 

correlation_cum float Cumulative correlation between actual and predicted of the prediction 

directional_accuracy_cum float 

Cumulative % of times the forecast correctly predicted whether the 

actual value increased or decreased compared to the previous period of 

the prediction     

signed_correlation_cum float 

Cumulative correlation between the forecasted and actual direction of 

changes, measuring how consistently their up/down movements align 

of the prediction   

sign_accuracy_cum float 

Cumulative % of times the forecasted value had the same sign 

(positive or negative) as the actual value, regardless of magnitude or 

change of the prediction   

theil_u1_cum1 float 
Cumulative Theil’s U1 statistic (forecast vs. actual accuracy) of the 

prediction 

theil_u1_bias_cum2 float Cumulative Theil’s U1 bias component of the prediction   

theil_u1_variance_cum3 float Cumulative Theil’s U1 variance component of the prediction   

theil_u1_covariance_cum4 float Cumulative Theil’s U1 covariance component of the prediction   

theil_u25 float 
Cumulative Theil’s U2 statistic (forecast vs. naive model) of the 

prediction   
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hit_rate_1bp_cum float 
Cumulative proportion of forecasts within 1 basis point of actual of 

the prediction   

hit_rate_5bp_cum float 
Cumulative proportion of forecasts within 5 basis points of actual of 

the prediction   

hit_rate_10bp_cum float 
Cumulative proportion of forecasts within 10 basis points of actual of 

the prediction   

forecast_bias_cum float Cumulative average forecast error (bias) of the prediction   

mae_ttm float Trailing 12-month mean absolute error of the prediction   

rmse_ttm float Trailing 12-month root mean squared error of the prediction   

smape_ttm float 
Trailing 12-month symmetric mean absolute percentage error of the 

prediction   

correlation_ttm float 
Trailing 12-month correlation between actual and predicted of the 

prediction   

directional_accuracy_ttm float Trailing 12-month of directional accuracy of the prediction   

signed_correlation_ttm float Trailing 12-month of signed correlation of the prediction   

sign_accuracy_ttm float Trailing 12-month of sign accuracy of the prediction   

theil_u1_ttm float Trailing 12-month Theil’s U1 statistic of the prediction   

theil_u1_bias_ttm float Trailing 12-month Theil’s U1 bias component of the prediction   

theil_u1_variance_ttm float Trailing 12-month Theil’s U1 variance component of the prediction   

theil_u1_covariance_ttm float Trailing 12-month Theil’s U1 covariance component of the prediction   

theil_u2_ttm float Trailing 12-month Theil’s U2 statistic of the prediction   

hit_rate_1bp_ttm float 
Trailing 12-month proportion of forecasts within 1 basis point of 

actual of the prediction   

hit_rate_5bp_ttm float 
Trailing 12-month proportion of forecasts within 5 basis points of 

actual of the prediction   

hit_rate_10bp_ttm float 
Trailing 12-month proportion of forecasts within 10 basis points of 

actual of the prediction   

forecast_bias_ttm float Trailing 12-month average forecast error (bias) of the prediction   
1 Theil U1 or Theil’s inequality coefficient is a normalized measure of forecast accuracy that calculates the RMSE of the forecast errors and scales 
it by the sum of the RMSE values of the actual and predicted series, ranging from 0 (perfect forecast) to 1 (as poor as a random or naïve prediction). 
2 Theil U1 Bias Proportion: Measures systematic error by evaluating how much the average forecast deviates from the actual average. A lower 
UMU^MUM is better, as it indicates minimal bias. Values range from 0 to 1, with high values (above 0.1 or 0.2) suggesting a significant systematic 
bias. 
3 Theil U1 Variance Proportion: Reflects the model’s ability to replicate the variability of the actual series. A lower USU^SUS is better, as a high 
USU^SUS suggests the forecast fluctuates too much or too little compared to the actual data. It ranges from 0 to 1. 
4 Theil U1 Covariance Proportion: Measures the remaining forecast error after accounting for bias and variance. It represents how well the forecast 
follows the actual pattern after adjusting for systematic differences. A higher covariance is desirable because it means most of the forecast error 
is due to imperfect correlation rather than systematic bias or variance issues. Since bias + variance + covariance = 1, the ideal scenario is bias and 
variance equal 0 and covariance =1, indicating that the forecast closely matches actual values aside from unavoidable random error. 
5 Theil U2: a normalized measure of forecast accuracy that compares the RMSE of the forecasted values to the RMSE of a naïve prediction, where 
the naïve prediction is simply the last observed actual value. It ranges from 0 to > 1, with U2 = 1 indicating that the forecast performs as well as 
the naïve approach, U2 < 1 meaning the forecast is better than the naïve prediction, and U2 > 1 suggesting the forecast is worse than using the 
last observed value. 
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A Sample data file can be downloaded here. 

Sample Data Snapshot 

 

Errata and Missing Dates 

None 

How is this dataset unique? 

Historically, institutional investors have relied primarily on consensus economic estimates from brokers 

to anticipate upcoming macroeconomic releases. However, accurate and timely market intelligence 

regarding these macroeconomic indicators can significantly influence investment outcomes. LSEG 

Research employs bottom-up, fundamental modeling techniques for each macroeconomic release, 

combining decades of industry experience, novel real-time business activity and survey data, machine 

learning algorithms, and advanced statistical methods to accurately forecast economic indicators weeks 

in advance. 

The LSEG Macro Prediction™ provides one-period-ahead forecasts of critical macroeconomic indicators 

well before consensus estimates are available, offering users a transformative informational advantage 

ahead of official release dates. Unlike traditional forecasts based on surveys or lagging indicators, LSEG's 

predictive dataset incorporates real-time data streams, forward-looking survey responses, and 

meticulously curated point-in-time economic data to ensure timely, reliable predictions. 

https://45284486.fs1.hubspotusercontent-na1.net/hubfs/45284486/Macro/cpiaucsl_all_adjusted_TD3_BOM_NXT.csv
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By accessing forecasts days to weeks before official publication, users can proactively anticipate 

macroeconomic shifts and strategically position their portfolios. This advanced insight equips portfolio 

managers and traders to exploit temporary market overreactions or underreactions proactively and to 

defensively mitigate potential risks before market conditions deteriorate. 

Potential uses for the LSEG Macro Prediction™ dataset include:  
• Positioning portfolios ahead of macroeconomic releases to capture market-moving events before 

prices adjust 

• Enhancing trading strategies through the integration of macro forecasts into directional or 

relative-value trades 

• Arbitrage market mispricing when consensus estimates are not aligned with actual data in 

advance of macroeconomic data release 

• Managing risk exposure by adjusting portfolio allocations in anticipation of changes in inflation, 

growth, or consumer spending  

• Optimizing asset allocation decisions by leveraging macroeconomic trends across equities, fixed 

income, commodities, and foreign exchange markets  

• Improving market timing by integrating predictive insights into entry and exit strategies  

• Supporting fundamental research and strategy development with forward-looking 

macroeconomic modeling 

• Anticipate surprises and disappointments vs consensus and pre-position to be a liquidity 

provider for those transitory market shocks 

• Anticipate economic release surprises that will be catalysts to technical breakouts and turning 

points 


